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In the Collective-Risk Game, players are requested to achieve a
common target under the risk of loosing all their money otherwise

How do humans behave when collective-risk is involved?
Solving the climate change requires the cooperation of several
countries with different ideologies, customs, and economical
perspectives for their industries, which are in many cases still very
dependent on fossil energy.
Measures that need to be taken will have a high impact on
industrialized countries as well as the so-called new economies.
However, if the transition to renewable sources of energy keeps
being postponed, the consequences are most certainly terrible. This
situation has been operationalized in Game Theory as the
Collective-Risk Game [1].
Our ultimate goal is to apply the scientific and technological
development that we produce to hybrid-technological systems
(e.g., P2P energy markets) where humans have to interact with
artificial agents and agents have to negotiate among themselves
taking into account human’s preferences and utilities [2].
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We were able to show that anticipatory models represent better
the data from behavioral experiments than reactive ones [3].
Moreover, anticipatory agents developed the ability to predict and
identify changes in the context (w in the figure) of the game, which
allowed them to optimize their behavior to each situation. This is
very relevant as it is a characteristic present in the participants of
our experiments and that other models failed to capture. Such
results led the path to our current work, where we analyze the
learning, evolutionary and collective dynamics of different types of
agents. We will soon submit our progress in this matter in two
parts, to a conference and a journal.
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Brussels Experimental Economics Laboratory

Do you want to earn some extra money?
Participate in economics computer experiments.

WP1-M1: Design of the experiments.
WP1-M2: Design and implement a specific framework required to perform
the experiments.
WP1-M3: Perform the experiments and collect the data.
WP2-M1: Search for behavioral models in the data.
WP2-M2: Evaluate whether the inferred models lead to the observed
macroscopic behavior.

Next Year Planning

WP3-M1: Experiment with previous approaches from the literature.

Go to http://beel.vub.ac.be/ and register!

WP3-M2: Create new models
to explain the data.
We organize several experiments per year!

Once you register in our database,
you will receive the invitations to participate in the experiments.
More information on the website!

WP3-M3: Compare the behavior of different models.
WP4-M1: Multi-agent simulations.

WP4-M2: Search mechanisms and policies to influence
behavior.
WP5-M1: Identify applications of our research to realworld problems.
WP5-M2: Write the PhD thesis.
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